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algorithms. In order to measure dissimilarity between normal and abnormal speech patterns, our
initial approach uses Dynamic Time Warping, both for its simplicity and its relative success at

classifying certain types of time-dependent sequences [3].

Early detection of speech-related disorders is of major importance in order for Client
intervention and treatment to be effective. This work presents our effort to create a C’ Baoeel ii’
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web-based computerized speech pathology assessment tool that users can easily
access on-line in order to get an initial assessment of possible speech-related
problems and seek further help.

In the early stages of the project, the main focus is getting a user interface that performs the
functions of recording a user voice sample and uploading the file in order to be processed.

Our system uses technologies such as HTMLS5, JavaScript, AJAX and Play! Web-
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Our application uses Dynamic Time Warping to measure dissimilarities between normal and

/

abnormal utterances of certain phonemes. DTW is also well-known for its ability to find an optimal
alignment between two time-dependent sequences. The experimental results (Fig. 2) confirm
our initial assumption that matching a normal and an abnormal utterance of the same sound
would yield a higher distance than compared to matching two normal utterances.
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Fig. 3. A high-level diagram of the application system.

DTW may be useful for detecting abnormality in speech, however, since the distance values for
the hoarse and flutter voice qualities are very similar, it may not be suitable for detecting the
Fig. 1. A very high-level diagram of system purpose. specific type of abnormality. More advanced classification methods can be used for that purpose. Future Work
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